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ABSTRACT 

Background: Pneumonia remains a major contributor to emergency department morbidity, and timely administration of 

antibiotics is a key determinant of outcomes. Conventional radiograph workflows often delay interpretation during high-volume 

periods, prolonging clinical decision-making. Recent advances in artificial intelligence have enabled automated prioritization 

of imaging studies, yet evidence from randomized trials assessing its real-time clinical impact remains limited. 

Objective: To evaluate whether AI-assisted triage of chest radiographs in the emergency department reduces time-to-antibiotics 

and improves early clinical outcomes in patients with suspected pneumonia compared with standard workflow. 

Methods: A randomized controlled trial was conducted over a six-month period, enrolling adult patients presenting with 

symptoms suggestive of pneumonia who received chest radiographs as part of routine evaluation. Participants were randomized 

in a 1:1 ratio to AI-assisted triage or standard radiograph workflow. The AI system automatically flagged radiographs with 

suspected infiltrates, prioritizing them for expedited radiologist review. Data collected included baseline demographics, time-

to-antibiotics, radiologist report turnaround time, length of stay in the emergency department, and early clinical response at 48 

hours using a standardized ordinal scale. Statistical analyses were performed using independent t-tests and chi-square tests, with 

significance set at p < 0.05. 

Results: A total of 140 participants were analyzed. The AI-assisted group demonstrated a significantly shorter time-to-

antibiotics compared with the standard workflow group, along with faster radiology reporting times and modest reductions in 

emergency department length of stay. The proportion of patients demonstrating early clinical improvement at 48 hours was also 

higher in the AI-assisted arm. No adverse effects related to AI implementation were observed. 

Conclusion: AI-assisted triage of chest radiographs meaningfully improved critical process measures and early clinical 

outcomes in suspected pneumonia, supporting its integration into acute-care imaging workflows. 

Keywords: Algorithms; Antibiotics; Artificial Intelligence; Clinical Decision-Making; Emergency Service, Hospital; 

Pneumonia; Radiography, Thoracic. 
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INTRODUCTION 

Pneumonia remains one of the most common and clinically significant infectious conditions managed in emergency departments 

worldwide(1). Despite advances in diagnostic imaging and antimicrobial therapy, delays in recognizing radiographic signs of pneumonia 

continue to hinder timely clinical decision-making(2). Early administration of antibiotics is strongly linked with improved outcomes, 

particularly in moderate to severe community-acquired pneumonia, yet emergency department workflows often struggle to meet this 

ideal. Overcrowding, high patient volumes, limited radiologist availability, and variable prioritization of imaging studies contribute to 

prolonged diagnostic intervals(3). These delays become especially consequential in patients whose chest radiographs are pivotal to 

confirming a suspected pulmonary infection and guiding early treatment. As a result, any strategy that accelerates radiograph 

interpretation and clinical response has the potential to significantly influence patient care and outcomes(4). 

In recent years, artificial intelligence has emerged as a supportive tool in medical imaging, offering rapid and reliable pattern recognition 

for conditions such as pneumonia, pneumothorax, and pulmonary edema. Many AI models demonstrate performance levels approaching 

expert readers for specific findings, and their speed allows integration into high-demand settings like emergency departments(5). Triage-

based AI tools—designed to flag abnormal studies or prioritize studies requiring urgent review—have gained particular attention. They 

do not replace clinical interpretation; rather, they support radiologists and clinicians by reorganizing workflow and highlighting potential 

abnormalities earlier. This concept aligns directly with the needs of emergency care, where timely identification of medically significant 

findings can influence the sequence of clinical interventions(6). 

Despite promising technical performance of AI-based chest radiograph systems, real-world evidence demonstrating improvements in 

meaningful clinical outcomes remains limited(7). Many existing evaluations focus on diagnostic accuracy or algorithm validation rather 

than patient-centered endpoints such as time-to-antibiotics, early clinical stabilization, or length of stay(8). Furthermore, most healthcare 

settings still operate under standard imaging workflows in which chest radiographs are interpreted chronologically, regardless of 

potential severity(9). This conventional approach may unintentionally delay recognition of pneumonia in crowded emergency 

departments, thereby postponing antibiotic initiation. The gap between AI’s demonstrated technical capability and its measurable clinical 

impact therefore remains an important question for researchers and clinicians alike(9). 

A randomized evaluation of AI-assisted radiograph triage within an emergency department offers an opportunity to address this gap(10). 

By allowing an AI system to analyze chest radiographs immediately upon acquisition and to prioritize those with findings suggestive of 

pneumonia, clinicians may be alerted sooner to patients who require timely treatment(11). This approach could shorten the diagnostic 

interval, accelerate antibiotic decisions, and potentially influence early clinical trajectories(12). Equally important, it provides a 

framework for assessing how AI integration affects workflow efficiency, clinician behavior, and patient outcomes in a real, operational 

clinical environment. Such evidence is crucial for guiding future implementation, ensuring that technological adoption is grounded in 

demonstrable benefit rather than theoretical promise(12). 

Given the ongoing burden of pneumonia and the persistent challenge of timely treatment in acute care settings, evaluating AI-assisted 

triage is both clinically relevant and operationally necessary. The present study therefore seeks to determine whether the use of AI-

assisted triage of emergency department chest radiographs can reduce time-to-antibiotic administration and improve early clinical 

outcomes when compared with the standard radiology workflow. 

METHODS 

The study was designed as a prospective, parallel-group randomized controlled trial evaluating the effect of artificial intelligence–

assisted triage of chest radiographs on time-to-antibiotics among adults presenting to the emergency department with suspected 

pneumonia. The trial was conducted in a single tertiary-care emergency department with a high annual patient volume and a dedicated 

digital radiography workflow. The duration of data collection spanned six months, a period chosen to ensure representation across 

seasonal fluctuations in respiratory infections while maintaining feasibility for real-time randomization and monitoring. During this 

period, all eligible patients undergoing chest radiography as part of their evaluation for suspected pneumonia were screened for 

participation. 
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Participants were selected using clearly defined inclusion and exclusion criteria to support a homogenous population relevant to the 

research question. Adults aged 18 years and older presenting with symptoms suggestive of acute lower respiratory tract infection—such 

as fever, cough, dyspnea, tachypnea, or pleuritic chest pain—were included if the treating physician ordered a chest radiograph 

specifically to evaluate possible pneumonia. Patients were excluded if they had received antibiotics for any reason within the preceding 

48 hours, were transferred from another hospital with a pre-established diagnosis, were hemodynamically unstable to the extent that 

clinicians initiated treatment before radiographic evaluation, had known chronic lung conditions obscuring radiographic interpretation 

such as extensive pulmonary fibrosis, or if the radiograph was unreadable due to technical artifacts. Patients unable to undergo standard 

ED imaging, such as those requiring immediate critical interventions, were also excluded to preserve the integrity of workflow 

comparisons. 

Randomization occurred at the level of individual radiographs using a concealed allocation system integrated into the radiology 

dashboard. Once an eligible radiograph was acquired, it was automatically assigned to either the AI-assisted triage arm or the standard 

workflow arm. In the AI arm, the radiograph was analyzed immediately by a commercially available, FDA-cleared AI system trained to 

detect features consistent with pneumonia. If the AI flagged the radiograph as abnormal, it was automatically prioritized to the top of 

the radiologist’s worklist. In contrast, radiographs assigned to the control arm followed the routine chronological order without AI-based 

prioritization. Radiologists remained blinded to the study allocation, receiving images in their worklist without labels indicating 

assignment. Treating clinicians were aware only of the standard reporting process and were not informed of randomization status. 

Data collection focused on time-sensitive outcomes and early clinical markers relevant to pneumonia care. The primary outcome, time-

to-antibiotic administration, was measured from the moment of radiograph acquisition to the first recorded administration of intravenous 

or oral antibiotics documented in the electronic medical record. Secondary outcomes included time-to-radiologist interpretation, 

emergency department length of stay, hospital admission rates, and early clinical response within 48 to 72 hours, assessed using changes 

in vital signs, oxygen requirement, and symptom improvement. Additional variables such as age, sex, comorbidities, presenting 

symptoms, and baseline vital signs were recorded to allow adjustment for confounding factors during analysis. 

The outcome measurement tools were integrated within the hospital’s electronic clinical information system to ensure accuracy of 

timestamps and consistency across all participants. Radiographic findings were assessed using standardized reporting terminology 

routinely employed by the radiology department. Early clinical response was evaluated using established metrics, including temperature 

normalization, respiratory rate improvement, and reduction in supplemental oxygen requirement, recorded by attending clinicians or 

nursing staff. 

Sample size estimation was simulated based on comparable investigations assessing workflow interventions in emergency departments. 

Assuming a mean time-to-antibiotics of approximately 180 minutes under standard workflow and anticipating a clinically meaningful 

reduction of 30 to 40 minutes through AI-assisted triage, a sample of 120 to 150 patients was estimated to provide adequate power, 

assuming normally distributed outcomes. Given the study duration and expected volume of eligible cases, a target enrollment of 140 

participants was determined to be both feasible and statistically appropriate, ultimately allowing for balanced group sizes after 

randomization. 

Statistical analysis was performed using methods suitable for normally distributed continuous data. Continuous variables such as time-

to-antibiotics, time-to-report, and emergency department length of stay were analyzed using independent t-tests to compare means 

between the two study arms. Categorical variables, including hospital admission rates and early clinical improvement, were compared 

using chi-square tests. Multivariable linear regression was planned to adjust for potential confounders influencing the primary outcome, 

such as age, comorbid conditions, and severity of presenting symptoms. Statistical significance was defined at a two-tailed p-value 

threshold of <0.05. 

The methodological approach was structured to allow replication, with clearly defined processes for participant selection, randomization, 

outcome measurement, and statistical analysis. This pragmatic trial design reflects the real-world integration of AI into emergency 

radiology workflows, ensuring that the results accurately represent the potential clinical impact of such technology in routine practice. 

RESULTS 

A total of 140 participants were enrolled and randomized evenly between the AI-assisted triage arm and the standard workflow arm. All 

randomized participants were included in the final analysis, with no missing primary outcome data. Baseline demographic and clinical 
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characteristics were similar across both groups, ensuring comparability of the study population (Table 1). The mean age across the cohort 

was approximately 59 years, and the distribution of comorbidities such as diabetes, hypertension, and chronic obstructive pulmonary 

disease remained balanced between groups. Vital-sign profiles at presentation, including respiratory rate, temperature, and oxygen 

saturation, also demonstrated no meaningful differences, indicating that the clinical severity at baseline was consistent across the trial 

arms. 

The primary outcome, time-to-antibiotic administration, showed a clear difference between the two groups. Patients in the AI triage arm 

received antibiotics in a mean time of 142 ± 46 minutes, whereas those in the standard workflow arm waited significantly longer, with 

a mean of 186 ± 52 minutes. The median times similarly favored the AI arm, suggesting that the accelerated workflow benefited both 

typical and delayed cases (Table 2). These findings reflected the direct impact of automated prioritization on clinical throughput, with 

the AI system consistently elevating suspected pneumonia radiographs to earlier radiologist review. 

Workflow-related outcomes followed a similar trend. The mean time-to-radiologist interpretation was markedly shorter in the AI triage 

arm, averaging 21 ± 9 minutes compared with 39 ± 15 minutes in the standard workflow. This difference aligned with the trial design, 

in which AI-flagged studies were automatically moved to the top of the radiologist’s queue. Emergency department length of stay 

demonstrated a modest decrease in the AI group, with a mean duration of 5.6 ± 2.1 hours compared with 6.3 ± 2.4 hours in the control 

arm, suggesting that earlier diagnostic clarification may have supported more efficient clinical decision-making (Table 3). Hospital 

admission rates were similar between groups, indicating that triage speed did not influence the decision to admit but may have influenced 

downstream management efficiency. 

Early clinical response at 48–72 hours was assessed for temperature normalization, respiratory rate improvement, and reduction in 

supplemental oxygen requirements. These outcomes demonstrated modest but consistent advantages for the AI triage group. 

Temperature normalization occurred in 74.3% of AI-triaged patients compared with 68.6% in the standard workflow. Improvements in 

respiratory rate were observed in 70.0% of patients in the AI group and 62.9% in the control group. Similarly, reductions in oxygen 

requirement were documented in 51.4% and 45.7% of patients, respectively (Table 4). While these findings did not represent dramatic 

physiological differences, they reflected the potential clinical influence of timelier treatment initiation in acute infectious presentations. 

Across all outcomes, no adverse events were attributed to the AI workflow, and radiologists remained blinded to group assignment 

throughout the trial. The trial data collectively demonstrated that AI-assisted triage improved radiographic interpretation speed and 

reduced time-to-antibiotics without disrupting emergency department operations or altering patient safety profiles. These results support 

the feasibility and operational benefit of integrating AI-based prioritization into emergency imaging pathways. 

 

Table 1: Baseline Demographic and Clinical Characteristics 

Characteristic AI Triage (n=70) Standard Workflow (n=70) 

Age, mean ± SD (years) 58.6 ± 16.4 59.1 ± 17.2 

Male sex, n (%) 38 (54.3%) 36 (51.4%) 

Comorbidities, n (%)   

  • Diabetes mellitus 19 (27.1%) 21 (30.0%) 

  • Hypertension 31 (44.3%) 29 (41.4%) 

  • COPD 12 (17.1%) 13 (18.6%) 

Baseline temperature, mean ± SD (°C) 38.1 ± 0.7 38.0 ± 0.8 

Respiratory rate, mean ± SD (breaths/min) 24.8 ± 4.6 25.2 ± 4.4 

Oxygen saturation, mean ± SD (%) 93.2 ± 3.8 92.9 ± 4.0 
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Table 2: Primary Outcome: Time-to-Antibiotics 

Outcome AI Triage Standard Workflow 

Time-to-antibiotics, mean ± SD (min) 142 ± 46 186 ± 52 

Median time-to-antibiotics (min) 133 179 

 

Table 3: Workflow Outcomes 

Outcome AI Triage Standard Workflow 

Time-to-radiologist interpretation, mean ± SD 

(min) 

21 ± 9 39 ± 15 

ED length of stay, mean ± SD (h) 5.6 ± 2.1 6.3 ± 2.4 

Hospital admission rate, n (%) 44 (62.9%) 47 (67.1%) 

 

Table 4: Early Clinical Response (48–72 hours) 

Outcome AI Triage Standard Workflow 

Temperature normalization, n (%) 52 (74.3%) 48 (68.6%) 

Improved respiratory rate, n (%) 49 (70.0%) 44 (62.9%) 

Reduced oxygen requirement, n (%) 36 (51.4%) 32 (45.7%) 

 

 

 

 

 

Figure 1 Time to Antibiotics (min)  
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DISCUSSION 

Here’s a draft of the Discussion section (500–800 words) for your paper, interpreting your simulated results, putting them into context, 

noting strengths and limitations, and suggesting future directions — with relevant recent literature cited. 

The results of this randomized controlled trial demonstrated that AI-assisted triage of chest radiographs in the emergency department 

(ED) substantially reduced time to antibiotic administration, decreased radiologist reporting delay, and was associated with a greater 

proportion of early clinical improvement over 48–72 hours. These findings support the hypothesis that integrating an AI triage tool into 

clinical workflows can meaningfully accelerate the management of suspected pneumonia, with potentially important downstream 

clinical and operational benefits(13). 

These results align with earlier work showing that automated radiograph protocols can shorten the time to antibiotics. For example, a 

triage protocol that automatically ordered chest x-rays at ED triage was associated with a reduction in time to antibiotics among 

inpatients with pneumonia(13). (PubMed) However, previous studies often lacked an AI component; they relied instead on process 

redesign rather than algorithmic prioritization. By contrast, this trial extends that paradigm to a real-world AI-enabled environment. It 

builds on more recent deployments of deep-learning tools, such as those used during the COVID-19 pandemic, where AI heat-map 

overlays on radiographs were integrated into clinical decision-making in the ED. (PubMed) Clinicians in those studies found the AI 

system easy to use, and a subset reported that it influenced their treatment decisions(14). (PubMed) 

Further, the current findings are consistent with research demonstrating the prognostic value of AI-analyzed chest x-rays. In a recent 

retrospective cohort, AI analysis of frontal radiographs outperformed conventional triage scales in predicting major adverse 

cardiopulmonary events, suggesting that algorithmic interpretation captures risk signals not evident in standard clinical assessment. 

(PubMed) The faster reporting times and earlier antibiotic delivery in this trial may therefore not only streamline care but also leverage 

prognostic insights embedded in the AI tool to guide more proactive therapy(15). 

From a clinical perspective, these findings carry important implications. Reducing the delay to antibiotic initiation is critical because 

early treatment is linked to better outcomes, such as reduced mortality and shorter hospital stays, in pneumonia(16). The efficiency gains 

observed here could meaningfully impact patient flow in busy EDs, especially during peak respiratory illness seasons. Moreover, patient 

stabilization in the first 48–72 hours could reflect a genuine treatment benefit rather than simply process acceleration, suggesting that 

AI triage may contribute to improved early clinical trajectories(17). 

Operationally, this study models a scalable implementation of AI in a real-world radiology workflow. Unlike silent-validation or 

retrospective studies, the trial demonstrated how AI can be embedded into the radiologist’s queue to actively change prioritization(18). 

This approach may be more acceptable to radiologists and clinicians because it preserves human oversight while letting the system flag 

potentially urgent studies—a compromise between automation and control(19). 

Figure 2 Mean Time to Antibiotics (min)  

https://pubmed.ncbi.nlm.nih.gov/18358934/?utm_source=chatgpt.com
https://pubmed.ncbi.nlm.nih.gov/33392549/?utm_source=chatgpt.com
https://pubmed.ncbi.nlm.nih.gov/33392549/?utm_source=chatgpt.com
https://pubmed.ncbi.nlm.nih.gov/40873378/?utm_source=chatgpt.com
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There are several strengths worth emphasizing. The randomized design minimizes bias and allows causal inference regarding the effect 

of AI on workflow metrics. The use of real clinical endpoints, such as time to antibiotic and early clinical response, makes the findings 

clinically relevant. Integration with the electronic medical record ensured precise timestamping and reliable outcome measurement. By 

embedding the AI system into existing radiology workflow, the trial tested a pragmatic intervention that could realistically be adopted 

in other busy ED settings. 

Nevertheless, the study has important limitations. First, as a single-center trial in a tertiary-care ED, the generalizability to other settings 

with different patient populations, radiology resources, or AI vendor tools may be limited. Second, although the surrogate outcome of 

early clinical response is promising, longer-term outcomes—such as rates of complications, readmissions, or mortality—were not 

assessed. Third, blinding radiologists to allocation helped reduce bias, but treating clinicians were aware of the intervention, which could 

have influenced management decisions beyond antibiotic timing (e.g., more aggressive early care). Fourth, the trial used a single AI 

model; performance and integration feasibility may differ with other vendors or algorithm architectures. Finally, cost-effectiveness was 

not evaluated; while time savings are valuable, the financial burden, training, and infrastructure costs of AI deployment warrant careful 

consideration. 

Future research should address these limitations. Multicenter trials across diverse ED settings are needed to assess external validity and 

scalability. Studies should examine long-term clinical outcomes, including hospital length of stay, readmission rates, antibiotic de-

escalation, and adverse events. A cost–benefit analysis could support the business case for AI triage, detailing software costs, 

maintenance, and training versus savings from improved efficiency and patient outcomes. Qualitative studies could explore clinician 

perceptions, radiologist trust, and workflow disruption to refine implementation strategies. Moreover, comparative trials of different AI 

models and real-time feedback mechanisms (e.g., automated alerts to clinicians) could optimize system design. 

In conclusion, the trial provides compelling evidence that AI-assisted chest radiograph triage accelerates antibiotic delivery and may 

enhance early clinical recovery in suspected pneumonia. These findings add to a growing body of literature supporting the clinical value 

of imaging AI beyond diagnostics, highlighting its potential to improve both efficiency and patient outcomes. Thoughtful future work 

will be essential to fully characterize its long-term impact, cost-effectiveness, and generalizability in real-world healthcare systems. 

CONCLUSION 

This randomized trial demonstrates that AI-assisted triage of emergency department chest radiographs can meaningfully improve care 

by reducing time-to-antibiotics and radiology reporting delays in patients with suspected pneumonia. These workflow gains were 

accompanied by better early clinical improvement, highlighting the practical value of integrating AI into real-time imaging workflows. 

Overall, the findings show that AI-enabled prioritization can enhance both efficiency and early patient outcomes, supporting its adoption 

in busy acute-care settings. 
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